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Abstract. This study aims at creating a holistic concep-
tual approach systematizing the interrelation of (natural) haz-
ards, vulnerability and risk. A general hierarchical risk
meta-framework presents potentially affected components of
a given system, such as its physical, demographic, social,
economic, political or ecological spheres, depending on the
particular hazard. Based on this general meta-framework,
measurable indicators are speciﬁed for the system “urban
area” as an example. This framework is used as an outline
to identify the capabilities of remote sensing to contribute to
the assessment of risk. Various indicators contributing to the
outline utilizing diverse remote sensing data and methods are
presented. Examples such as built-up density, main infras-
tructure or population distribution identify the capabilities of
remote sensing within the holistic perspective of the frame-
work. It is shown how indexing enables a multilayer analy-
sis of the complex and small-scale urban landscape to take
different types of spatial indicators into account to simulate
concurrence. The result is an assessment of the spatial distri-
bution of risks within an urban area in the case of an earth-
quake and its secondary threats, using an inductive method.
The results show the principal capabilities of remote sens-
ing to contribute to the identiﬁcation of physical and demo-
graphic aspects of vulnerability, as well as provide indicators
for the spatial distribution of natural hazards. Aspects of so-
cial, economic or political indicators represent limitations of
remote sensing for an assessment complying with the holistic
risk framework.
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1 Introduction
So far, the international community’s response to disasters
has been mostly reactive, with only limited budget invested
in prevention. (...) Even if there were a willingness to in-
vest in prevention, the question would be: where? (Peduzzi,
2006)
The main challenge within the ﬁeld of disaster reduction is
to change people’s perception so that they can recognize this
notion of disasters as the outcome of a development process
whereby societies have implicitly generated vulnerabilities
and risks which become evident during the disaster (Villa-
gran de Leon, 2006). But, assessing vulnerability and risk
to natural hazards such as earthquakes can be regarded as
an ill-structured problem (i.e., a problem for which there is
nounique, identiﬁable, objectivelyoptimalsolution)(Rashed
et al., 2003). Conceptualizations of the various scientiﬁc
communities are inconsistent, causing misunderstanding in a
research ﬁeld needing multidisciplinary approaches to cope
with the holistic effects. Both humanities (Alwang et al.,
2001; Blaikie et al., 1994; Briguglio, 1995; Cannon et al.,
2003) and natural sciences (Chapman, 1994; Brooks, 2003;
Turner et al., 2003) deﬁne the terms differently and concen-
trate on various focal points.
Vulnerability is a term of such broad use as to be almost
useless for careful description at the present, except as a
rhetorical indicator of areas of greatest concern (Timmer-
mann, 1981)
On this subject Birkmann (2006a), for example, stresses
the need for a paradigm shift from the quantiﬁcation and
analysis of the hazard to the identiﬁcation, assessment and
ranking of vulnerabilities. This study proposes a comprehen-
sive and consistent conceptual risk framework using a hier-
archical structure including the hazard and the vulnerability.
The conceptual approach provides a general abstract meta-
framework applicable to any system, element at risk, scale
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or time. The concept consistently systematizes the meta-
framework down to components highlighting various aspects
of vulnerability and hazards resulting in a set of measurable
indicators. Thus, risk assessment results from a multilayered
analysis of individual indicators, in the ideal case represent-
ing the complete range of components contributing to haz-
ards and vulnerability. With respect to the temporal risk cy-
cle, the framework considers the stages of a potential disaster
with time-dependent indicators.
In this study the proposed conceptual framework serves as
an outline to identify capabilities and limitations of remote
sensing – as one scientiﬁc community – to contribute values
for indicators for the assessment of vulnerability and risk.
For the example of an ‘urban landscape prone to an earth-
quake threat’ different remote sensing data and methods are
used to derive precise values of indicators. Using high and
mediumresolutionopticalsatellitedata, aswellasradardata,
remote sensing products are presented which map the spatial
distribution of the indicators in the outline. Especially physi-
cal indicators characterising the complex arrangement of ur-
ban objects are shown. Examples are the built-up density
or the street network, which specify the spatial distribution
and number of potentially affected houses or their accessi-
bility and the ability to evacuate in case of an earthquake.
In addition the derived physical urban structures – building
area, buildingheight, buildingdensityandlanduse–areused
to calculate the population density distribution as a demo-
graphic indicator. Furthermore, a time series of Landsat data
enables the computation of physical urbanization rates and
the assessment of building ages. The digital elevation model
from the Shuttle Radar Topography Mission (SRTM) is used
to derive slope maps. The slope is one component used to
assess the spatial distribution of the secondary threat “land-
slide”, and the surface height information is used as an ap-
proximation for modelling potentially tsunami-prone areas.
Recapitulating the results, the conceptual framework
presents a holistic perspective on hazards, vulnerability and
risk. Using the system “urban area” and the earthquake
threat, indicators speciﬁc to this example are listed to con-
cretize the conceptual and generic meta-framework. This
enables identiﬁcation of the capabilities of remote sensing
to contribute aspects of the holistic concept to support risk
management, but also demonstrates the need for multidisci-
plinary approaches to satisfy the whole spectrum of the holis-
tic idea. The structure of the study is two-fold: in the ﬁrst
part a general conceptual risk framework is developed and
used as outline in the second part to identify contributions of
remote sensing to this developed framework for the model
case. In particular, this study aims to address several speciﬁc
questions:
– How can risk, vulnerability and hazards be conceptual-
ized in a general and transferable framework?
– What can remote sensing data and methods contribute
toward assessing risk and vulnerability in their spatial
distribution?
– How can the abstract terms in the framework be sam-
pled to quantiﬁable indicators?
2 Conceptual framework of hazards, vulnerability and
risk
Riskspeciﬁessomethingprospectiveandimaginary, andthus
implies uncertainty. The effect of a natural hazard on the
objects or people of a particular area exemplify the com-
plex interrelationships and emerging domino effects. The
UN (1991) and the UNDP (2004) deﬁne a conceptual super-
structure as follows:
Risk = Hazard × Vulnerability (1)
Thus, risk results from a future interplay of a hazard and
the various components deﬁning vulnerability. The concep-
tual superstructure of risk shows an internal and an external
side (Bohle, 2001): The internal side relates to the capacity
to anticipate, cope with, resist and recover from the impact
(vulnerability), and the external side speciﬁes the type and
intensity of the hazard. This conceptual meta-framework (1)
describes the general correlation, but displays an abstract ap-
proach not reﬂecting the complex interrelations of both the
components and their various aspects. This study aims at
a conceptual holistic framework to systematize the abstract
terms “hazard”, “vulnerability” and “risk”. A hierarchical
systematization of the abstract terms results in quantiﬁable
and thus measurable indicators:
Thehazardcomponentinequation1isdeﬁnedastheprob-
ability of a disastrous event happening in a certain period of
time, with a particular intensity at a particular location (Un-
esco, 1973). Examples for hazards are earthquakes, ﬂoods,
droughts, tropical storms or volcanic eruptions, with some of
them causing secondary threats such as landslides, ﬁres or
tsunamis. Depending on the nature of the hazard, indicators
describing the hazard like intensity or duration specify the
hazard event as well as the condition of the location, which
is described by indicators like soil type, surface height or
slope.
The second component in Eq. 1 is the term“vulnerability”,
which shows fuzziness in the interdisciplinary risk research
community deﬁnitions. “We are still dealing with a paradox:
we aim to measure vulnerability, yet we cannot deﬁne it pre-
cisely” (Birkmann, 2006a). Generally the conceptual idea of
vulnerability is based on Eq. 2:
Vulnerability=
Exposure × Susceptibility
CopingCapacity
(White et al., 2005)(2)
Thus, vulnerability is the interrelation of the exposure and
the susceptibility as stressor of the system with the coping
capacity as the potential of the system to decrease the im-
pact of the hazard. Exposure is deﬁned as degree, duration
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and/or extent in which a system is in contact with, or subject
to, perturbation (Adger, 2006; Kasperson et al., 2005). Sus-
ceptibility reﬂects the capacity of individuals, groups or the
physical or socio-economic system to withstand the impact
of the hazard. If resistance is low then even a small hazard
can lead to system failure (Pelling, 2003). The coping ca-
pacity is the ability to cope with or adapt to hazard stress.
It is the product of planned preparation, spontaneous adjust-
ments and relief and reconstruction made in response to the
hazard. For a comprehensive approach F¨ ussel (2005) identi-
ﬁes four fundamental dimensions to consider for an assess-
ment: 1) the system/region or population group of concern,
2) the type of hazard, 3) the valued attribute, which serve as
indicators threatened by exposure to the hazard, 4) the tem-
poral reference, specifying the period of interest for the as-
sessment. For further general reviews of conceptualization
approaches regarding vulnerability, the reader is referred to
Livermann (1990); Cutter (1996); Kasperson and Kasperson
(2001); Cardona 2003; Birkmann (2006b); Schneiderbauer
and Ehrlich (2006); Schneiderbauer (2007) or F¨ ussel (2007).
The disaster management cycle relates the conceptual idea
of this study about vulnerability and risk to the timeline. The
abstract terms of the conceptual idea are reﬂected in differ-
ent stages of the disaster management cycle (Fig. 1). For
example, coping capacity can be speciﬁed as preparedness
before a disastrous event, existing intervention tools during
an event, or capabilities to recover from the hazard stress af-
ter the event. The cycle highlights various temporal phases
where different types of indicators enable assessment of the
situation. For example, knowledge about accessibility and
evacuation bottlenecks may lead to preventive measures. In
addition, spatial information on the number and location of
affected people enables coordination and management of re-
action measures during and after the event. These actions
aim to reduce risk before an event, to cope during, and react
after the event.
Again, the abstract terms used in the meta-framework and
Fig. 1 do not specify the complex and dynamic interdepen-
dencies of a myriad of different indicators contributing to the
concept of vulnerability and risk in a measurable way. There-
fore this study designs a hierarchical partition of the terms
into thematic components establishing a relationship to var-
ious disciplines (Table 1). Following the deﬁnition of the
UN/ISDR (2004) this study aims at a holistic perspective on
vulnerability and deﬁnes it with direct regard to the concep-
tual framework as follows:
Subject to the considered period of time, the geographic
location (system) and a scale-dependent reference system,
vulnerability is deﬁned as the condition determined by phys-
ical, demographic, social, economic, environmental and po-
litical factors or processes which increase the susceptibility
of a community to the impact of hazards.
Components specifying vulnerability include the physi-
cal, demographic, social, economic, ecological and politi-
cal aspects contributing and adding up to the holistic con-
 
Figure 1: Risk as result of the interaction of the hazard and the vulnerability embedded in the various phases 
of the disaster management cycle (modified; ADC, 2003; DKKV, 2002; Schneiderbauer, 2007; WISNER, 2004) 
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Fig. 1. Risk as result of the interaction of the hazard and the vulner-
ability embedded in the various phases of the disaster management
cycle(modiﬁed; ADPC,2003; DKKV,2002; Schneiderbauer, 2007;
WISNER, 2004).
ceptual idea (Table 1). This conceptual idea reﬂects a meta-
framework applicable to various systems (e.g., urban areas),
various elements or attributes within a system (buildings,
people, environmental services, etc.), various scales (local,
regional, national, global), and various hazards (earthquake,
climate change, etc.). In general the various components
described above suggest the complexity of dynamic interac-
tions and interdependencies evolving in a system in case of
a disastrous event. This highlights the need for multidisci-
plinary scientiﬁc approaches to converge on the problem of
holistic identiﬁcation of vulnerability and risk.
To converge on the problem of assessing the complexity of
risk and vulnerability, the rather abstract components of this
meta-framework need further partitioning. Speciﬁcations are
dependent on the considered system and the type of hazard.
In our case, indicators are developed for the example of an
“urban system prone to an earthquake hazard”. A consistent
systematization itemizes the components into a set of mea-
surable indicators contributing to all the various stages of the
risk management cycle. An indicator is deﬁned as a vari-
able which is a representation of an attribute, such as qual-
ity and/or characteristics of a system (Gallopin, 1997). The
quality of the indicator is determined by its ability to indi-
cate the characteristics of a system which are relevant to the
underlying interest determined by the goal or guiding vision
(Birkmann, 2006b).
The result is an arbitrary number of measurable indica-
tors contributing aspects to the associated component and to
the ranking in the holistic conceptual framework. Downing
(2004) stresses the fact that indiscriminate use of indicators
for measuring vulnerability must be avoided. The approach
in this study aims at a detailed listing of potential indica-
tors, in order to identify the capabilities of remote sensing
at various scales, times or objects. Thus, Table 1 presents a
selection of speciﬁc indicators describing the many kinds of
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Table 1. A hierarchical holistic framework conceptualizing hazards, vulnerability and risk to derive a selection of measurable indicators for
a speciﬁed system.
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Natural hazard, human 
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Table 1: A hierarchical holistic framework conceptualizing hazards, vulnerability and risk to derive a selection of measurable indicators for a specified system 
General Meta – Framework              Itemization based on the considered hazard, system, time and scale  
vulnerability and risks at different scales and points of time.
The example in this study speciﬁes the four fundamental di-
mensions (F¨ ussel, 2005) such as an urban landscape, prone
to an earthquake, causing secondary threats, like tsunamis
and landslides. The valued attributes are the components de-
ﬁned above using as temporal reference for the assessment
the forefront of a disastrous event. In addition, the consid-
ered system, urban landscape, determines the needed scale,
which is a consequence of small-scale heterogeneous urban
characteristics.
The conceptual hierarchical framework is shown in Ta-
ble 1, specifying a selection of relevant indicators for the
fundamental dimensions. Risk is split up into the compo-
nents of equation 1. The consistent systematization leads to
a selection of indicators, in this case describing the example
system, “urban area”. The holistic approach aims at an inte-
grative concept for involving various research communities
in the conceptual framework. In this study Table 1 serves as
the basic outline to identify capabilities and limitations of re-
mote sensing data and methods to contribute to the approach.
3 The capabilities of remote sensing data and methods
to contribute to the risk framework
The conceptual framework displayed in Table 1 establishes a
basis for various research communities to identify their po-
tential contributions. A consistent continuation of this study
provides results which use remote sensing data and methods
to contribute indicators to the proposed theoretical, concep-
tual framework. It is shown how various data types enable
both the assessment of indicators related to the hazard and
the assessment of indicators related to vulnerability. The test
site for the study is the working-class district Zeytinburnu,
located on the European side of the earthquake prone megac-
ity Istanbul. The enormous risk for the megacity Istanbul
is shown by the magnitude 7.4 earthquake which struck on
17 August 1999 in the Kocaeli province about 150km south-
east of Istanbul. The dimension of this past catastrophe is re-
ﬂected in more than 18000 deaths, 49000 injured 16400 de-
stroyed buildings and 60000 people homeless (Erdik, 2001).
For an adequate assessment of the values of these indi-
cators contributing to the conceptual framework, high and
medium spatial resolution optical satellite data (IKONOS
and Landsat) as well as an interferometric Digital Elevation
Model (DEM) based on X- and C-band data from the SRTM
are used. IKONOS data feature a geometric quality of one
Nat. Hazards Earth Syst. Sci., 8, 409–420, 2008 www.nat-hazards-earth-syst-sci.net/8/409/2008/H. Taubenb¨ ock et al.: The contributions of remote sensing to risk assessment 413
meter panchromatic, four meter multispectral and one meter
pan-sharpenedimagery. Thus, theseremotesensingdatapro-
vide the ability to cover the small-scale and heterogeneous
urban morphology. In addition, the use of data from Landsat
satellites, available since 1972, enables on a lower geometric
resolution of 15 m a temporal analysis of urban development.
The DEM provides pixel spacing of 25 m and a height accu-
racy of about six meters. Figure 2 displays Ikonos imagery
recorded in 2005 showing a spatially diverse and heteroge-
neous urban structure. The quarter is characterized by many
different building types, built-up densities and structural pat-
terns, all of which imply a diverse spatial distribution of vul-
nerability and risk.
Four different locations in the Zeytinburnu district are ex-
emplarily displayed in Fig. 2 to show in the course of the
analysis how different land cover and locations affect spatial
patternsofvulnerabilityandrisk. Location1isamulti-storey
building in a dense residential area, located at the edge of the
settlement near the coastline on low terrain. Similar charac-
teristics apply for location 2, except for its location on higher
terrain. Location 3 shows a 5–6 storey building typical for
thebuildingstockofIstanbulandlocatedintheheartofZeyt-
inburnu. The area is characterized by narrow alleys, highly
dense built-up structures and a block by block alignment. In
comparison, location 4 is an open space, more precisely a
vegetated public park.
3.1 Hazards
Due to missing ancillary earthquake data the spatial effect
of an earthquake hazard is assumed to be constant for the
whole test site Zeytinburnu. Using a Digital Elevation Model
(DEM) from the SRTM a spatial distribution of possible ar-
eas for the occurrence of secondary threats is derived. The
assessment of indicators – landslide and tsunami prone areas
– inﬂuencing the spatial distribution and probability of the
occurrence of earthquake after-effects is assessed.
The inclination of the slope is computed with a tangent
equation taking neighbouring pixel height values into ac-
count. The result projects the spatial distribution of the steep-
ness of slopes, which serve as one component to identify ar-
eas at high risk for landslides in the case of an earthquake. Of
course, steepness is not solely decisive for the occurrence of
landslides, but it does provide a spatial containment to pos-
sible areas. The height information in combination with the
orientation of the slopes calculated from the DEM is used to
approximately model affected areas in case a tsunami wave
hits the urban coastline. The calculation is based on the nor-
mal coastline extracted from a land cover classiﬁcation based
on Ikonos data. Using assumed wave heights, the DEM
allows a coarse identiﬁcation of areas prone to a potential
tsunami wave. Figure 3 displays the spatial distribution of
areas at risk of secondary threats in the earthquake case for
the district of Zeytinburnu.
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Figure 2: IKONOS imagery from the test site, 
Zeytinburnu district in Istanbul, Turkey  
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Fig. 2. IKONOS imagery from the test site, Zeytinburnu district in
Istanbul, Turkey.
3.2 Vulnerability
Based on high resolution satellite data (Ikonos), the complex
and heterogeneous urban landscape has been classiﬁed au-
tomatically using an object-oriented, fuzzy-based approach
with accuracy higher than 84%. The methodology has been
presented using a hierarchical guideline utilizing spectral,
shape and contextual image information (Taubenb¨ ock and
Roth, 2007). Based on this land cover information, which
provides seven basic classes – buildings, streets, grassland,
trees/bushes, bare soil, shadows and water – analysis leads to
indicators describing the physical and demographic compo-
nent of the vulnerability framework (Table 1).
The spectral and structural characteristics of the data and
the classiﬁcation result are used to distinguish building char-
acteristics, in particular the built-up density (Fig. 4) and
the building height. The built-up density is based on a
moving window approach taking the neighbourhood of the
particular house into account (Taubenb¨ ock et al., 2006).
The assessment of building heights is calculated using the
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Fig. 3. Spatial distribution of potential secondary threats.
corresponding shadow lengths of houses. An interpolation
method enables assessment of three height classes with accu-
racy higher than 90%. The property of building roofs to have
a brighter side facing the sun and a darker side turned away
from the sun is used to derive gable roofs and, as the case
may be, ﬂat roofs. This information in combination with the
size of the buildings and their location is used to assess the
predominant usage – residential or commercial. In addition,
using a temporal series of Landsat data, post-classiﬁcation
change detection enables the assessment of building ages as
well as urbanization rates (Taubenb¨ ock, 2008). The street
network extracted from the land-cover classiﬁcation is used
as the basis for analyzing accessibility based on distance
functions (Fig. 4). Furthermore, the structural characteristics
of the houses – building heights, building density and land
use – allow an indirect assessment of the population distri-
bution within the urban landscape with accuracies of around
90% (Taubenb¨ ock et al., 2007). Using the assessment of the
location of commercial and residential areas, even the dy-
namic spatial shift of the population as a function of the time
of day is computed.
Figure 4 displays three vulnerability indicators in their
spatial distribution. This illustrates the location-based in-
teraction of various indicators inﬂuencing vulnerability and
thus, risk. The indicator built-up density provides informa-
tion on the spatial distribution and quantity of potentially
endangered structures within the urban landscape. The in-
dicator distance to inner city highway enables a geospatial
assessment of accessibility. In addition the distance analysis
to open spaces delivers insight into accessibility of areas of
security. It also enables the assessment of potential areas for
shelters. In terms of the time ﬂow of the risk cycle these in-
dicators regarding locations of and distances to infrastructure
and open spaces, respectively, enable identiﬁcation of highly
vulnerable areas as well as coping capacity during and af-
ter the event. The population distribution is projected on
the building mask spatially speciﬁed by the characteristics
height, ﬂoor area and usage. It shows the number of endan-
geredpeopleintheirspatialdistribution. Here, thenight-time
population distribution shows low density in the large com-
mercial areas in the northeast of the district, while during the
day a shift to these areas takes place. Thus, the temporal di-
mension is also included in the assessment of vulnerability
and risk, resulting in a dynamic spatial relocation of poten-
tially affected people.
3.3 Indexing to quantify risk relatively in its spatial distri-
bution
Vulnerability and risk are dynamic phenomena often in a
continuousstateofﬂux, asthevariouscomponentsthatshape
local conditions and the ability to cope are themselves dy-
namic (O’Brien et al., 2004). The reviewed research strug-
gles to objectively ﬁnd metrics for vulnerability. The transla-
tionofacomplexsetofheterogeneousindicatorsintoaquan-
titative metric in many ways reduces its impact and hides its
complexity (Alwang et al., 2001). But, quantitatively com-
bining the available indicators aims at deeper insight into
complex processes of interrelation, and thus it enables a gen-
eral and more holistic view on vulnerability and risk than the
isolated assessment of single indicators.
This study proposes a mathematical quantiﬁcation that
provides a standardized range making indicators compara-
ble across time and location. This mathematical quantiﬁ-
cation of heterogeneous impact indicators enables approxi-
mation of the complexity of their interrelations. In order to
analyse interactions of the various types of indicators derived
from remote sensing data, an indexing system is proposed
for a standardized classiﬁcation of thematic information as
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Figure 4: Indicators contributing to the holistic concept of risk and vulnerability    
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Fig. 4. Indicators contributing to the holistic concept of risk and vulnerability.
to vulnerability. The standardized scale enables the provided
indicators to be combined.
In general the index system is expected to bring beneﬁts
by:
– Systemising and harmonising the presentation of risk
information
– Providing comparative parameters for monitoring
changes to evaluate the effects of policies
– Measuring key elements of vulnerability and risk and
identifyingtheirspatialdistribution(Bollinetal., 2006).
In particular, the indexing aims at a holistic projection to
identify interactions of the hazard and the diverse indica-
tors describing vulnerability with spatial reference. In our
case it enables embedding of very different types of spatial
information inﬂuencing vulnerability and risk. Thus, differ-
ent indicators like population or distance to highways can be
incorporated in the same assessment to simulate interdepen-
dencies. For that purpose, the indexing converts values of the
individual indicators into a standardized range. The parame-
terization should be based on historical or empirical informa-
tion with respect to the considered event. If these data sets
are missing, it is proposed to parameterize the information
of the various derived indicators using a theoretical (contin-
uous) function, based on expertise.
Due to missing historical information the parameterization
inthisstudyusesS-functionstoconvertthematicinformation
in index values. The advantage of S-functions converging
to the minima (0=not vulnerable) or the maxima (1=100%
vulnerable) of the index enables differentiation of even ex-
treme values. In addition, the requirement for the S-shaped
function is a low gradient, in order to achieve little index dif-
ferences for similar thematic values. The inﬂexion point of
the curve (Index value 0.5) reﬂects a thematic value of the
particular indicator considered as critical with respect to vul-
nerability. The mathematic function for it is displayed, using
the variable “a” to control the gradient of the curve.
P(t) =
1
1 + e(a×(−t)) (3)
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Figure 5: Parameterization of vulnerability indicators on a uniform scale 
Fig. 5. Parameterization of vulnerability indicators on a uniform
scale.
Consequently, using the normalization of vulnerability in-
dexes, opposedareascanstillbecomparedbasedonthesame
scale.
Below, the parameterization of example indicators on a
standardized index translating thematic values into the vul-
nerability index from 0 to 1 is displayed. The gradient is
suggested to be low to achieve signiﬁcantly different vulner-
ability indices for different thematic values. The indicator
built-up density provides information on the spatial distri-
bution and its quantity of potentially endangered structures
within the urban landscape. The indicator distance to inner
city highway enables a geospatial assessment of accessibil-
ities. Figure 5 displays an S-function based on equation 3
attributing index values for the particular range value of the
individual indicator.
The indexing allows the combining of different kinds of
thematic information resulting in a synergistic surplus value.
An open space at a distance of 500 m to the inner city high-
way offers with a high probability a higher accessibility than
does a highly dense built-up area at the same distance. The
combination is therefore essential, to assess risk from a more
holistic perspective. On the lines of these two examples, the
indicators derived from remote sensing data and methods are
converted to the index as well.
The indiscriminate use of indicators for measuring vulner-
ability and risk – pick any that seem to be relevant and/or
available – must be avoided; rather, it is important to deﬁne
and develop at least an implicit model to serve as a system-
atic basis for indicator development and selection (Downing,
2004). Table 1 shows a holistic approach specifying a wide
selection of potential indicators which are at times partly re-
dundant. To develop scientiﬁcally sound indicators it is nec-
essary to formulate goals that serve as a starting point for the
identiﬁcation of relevant indicators (Birkmann, 2006a). Con-
sequently, using the two example indicators from Fig. 5, the
indicandum describes physical vulnerability with spatial in-
formation at the same scale. An inductive method is imple-
mented, using the available indicators derived from remote
sensing without consideration of missing indicators of the
holistic approach. This enables the identiﬁcation of the ca-
pabilities of remote sensing to contribute to the vulnerability
and risk assessment.
The procedure of indexing has to be arranged regarding
the speciﬁc hazard, and a weighting has to be found and ap-
plied (Bollin et al., 2006). The highest risk for the population
in case of an earthquake emanates from buildings (Bakir et
al., 2002). Based on this premise, a need emerges for giving
the highest weighting to the indicators buildings and popula-
tion. In our case the buildings (Lh) derived in the land cover
classiﬁcation and the population (Pn; Pd) are weighted four-
fold. Thus, the risk index for an area without houses cannot
be higher than an area covered by a house.
Further indicators derived from remote sensing data (see
Figs. 4 and 5) are weighted equally due to missing empiri-
cal information on the effects. The inclusion of indicators in
general requires non-redundancy. But as an example shows,
the built-up density (Bd) does show redundancy to the in-
dicator houses (Lh). However, in addition it also speciﬁes
the information needed to achieve surplus value. The combi-
nation reﬂects a higher vulnerability for a house in a highly
dense built-up area compared to a house standing in a low
density built-up area. Thus, the combination of both indica-
tors allows for the integration of physical aspects like higher
probability of bouncing effects for neighbouring houses in
case of an earthquake, or higher probability for lower acces-
sibility in highly dense built-up areas. The physical aspects
can even be speciﬁed using information about the height of
the building (Bh), the age (Ba) or the urbanization rate (U)
of an area. The indicators describing distances, “Distance
to infrastructure (Di)” and “Distance to open spaces (Do)”
enable assessment of the accessibility of areas, carrying ca-
pacities of the street network, the chances to reach safe areas
in a certain amount of time, and the potential for campsites
after an event. They thus specify physical vulnerability be-
fore an event as well as coping capacity during and after the
event. The demographic indicators (night- and daytime pop-
ulation density) enable inclusion of the dimension “time of
day” in the assessment process. Vulnerability is manifest in
speciﬁc places at speciﬁc times. It allows for the dynamic
spatial shift of the population distribution in the course of a
day and thus, a spatial shift of vulnerability and risk. Equa-
tion 4 shows the assessment of vulnerability using indicators
derived from remote sensing data (VRS) using aspects of the
framework in Table 1.
VRS =
1
n
× (w1Lh + w2Bd + w3Bh + w4Di + U
w5Do + w6 + w7Ba + w8Pd/n

(4)
n=number of indicators and their weights
w1−8=individual weighting factor for each indicator
In the following, indicators describing the spatial distri-
bution of the earthquake hazard (E) and its potential after-
effects like landslides (S) and tsunami areas (T) are calcu-
lated. Due to missing data on the spatial distribution of the
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earthquake stress, this study assumes a constant earthquake
effect. The hazard stress is differentiated using remote sens-
ing results (HRS) approximating potentially occurring after-
effects in their spatial distribution.
HRS =
1
n
× (w1E + w2S + w3T) (5)
n=number of indicators and their weights
w1−3=individual weighting factor for each indicator
In the following the inductively calculated vulnerability
and hazard index based on products derived from remote
sensing data are combined based on the interrelation sug-
gested in Eq. 1. Thus, the risk index (RRS) results from
indicators representing the abstract terms of Eq. 1. The math-
ematical operation of Eq. 1 symbolizes the dependencies of
both components, but is here changed to addition to gain re-
sults between 0 and 1 instead of minimizing the values using
multiplication.
RRS =
1
2
× (V + H) (6)
Table 2 lists the indicators derived from remote sensing
data to analyse the spatial distribution of vulnerability as well
as of hazards. The available indicators show in comparison
with the framework of Table 1 the capability of remote sens-
ing to contribute aspects to the general holistic idea. It shows
a clearly arranged listing of available indicators and displays
their relative vulnerability to each other. This method en-
ables a comparison of locations based on these individual
indicators, identiﬁcation of risk-determining indicators, and
eventually assessment of risk based on the available aspects
of the holistic concept. The four sample locations have been
presented in Fig. 2.
Recapitulating, the performed indicators are aspects of the
risk framework of Table 1, and thus enable identiﬁcation of
the capabilities of remote sensing, but also its limitations.
The comparison of provided indicators and suggested indica-
tors in Table 1 shows the potential of remote sensing contri-
butions. The assessment using derived remote sensing prod-
ucts clearly highlights the capabilities for physical and de-
mographic indicators describing vulnerability as well as the
spatial distribution of aspects of after-effects. The limitations
of remote sensing to contribute to the comprehensive frame-
work of vulnerability and risk are shown in the missing as-
pects of social, economic and political indicators.
The four different locations displayed in Fig. 2 and used
in Table 2 enable a location-based analysis of risk and an
identiﬁcation of key indicators. Basically, locations 1, 2 and
3 show high vulnerability and risk due the fact that the high-
est vulnerability for the population emanates from structures.
Comparing the three endangered locations, location 3 dis-
plays the highest vulnerability, with the key indicators high
Table 2. Combination of vulnerability and hazard deﬁning indica-
tors for four example locations.
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Vulnerability indicator   Location 1 Location 2 Location 3  Location 4
Land cover (Lh)  1.00  1.00  1.00  0.00 
Built-up density (Bd)  0.57  0.64  0.87  0.00 
Building height (Bh)  0.25  0.25  0.50  0.00 
Distance to infrastructure (Di)    0.28  0.34  0.81  0.18 
Distance to open spaces (Do)    0.15  0.29  0.77  0.00 
Urbanization rates (U)  0.10  0.50  0.10  0.00 
Building age (Ba)  0.75  0.25  0.75  0.00 
Population density (night) (Pn)    0.16  0.22  0.44  0.00 
Population density (day) (Pd)    0.44  0.54  0.85  0.00 
Vulnerability index (night)  0.48  0.51  0.68  0.01 
Vulnerability index (day)  0.56  0.60  0.80  0.01 
Slope (S)  0.65  0.43  0.05  0.15 
Tsunami exposure (T)  0.82  0.00  0.01  0.00 
Risk index (day)  0.51  0.46  0.60  0.02 
Risk index (night)  0.58  0.55  0.70  0.02 
     Vulnerability:            very high             high              medium        low               low to none 
Table 2: Combination of vulnerability and hazard defining indicators for four example locations 
built-up density, low accessibility, and high population den-
sity. Thus, the location in the heart of the district with narrow
alleys, in a highly dense built-up area leads to higher vulner-
ability compared with locations 1 and 2, which show similar
building characteristics, but a better connection to infrastruc-
ture or open spaces. Locations 1 and 2 show more or less
the same building characteristics as well as the same relative
location to secure areas or infrastructure, which results in a
very similar vulnerability index. In comparison, location 4
emerges as a low risk open space area qualifying as a rescue
area in case of an earthquake.
The course of the day inﬂuences the spatial distribution of
vulnerabilityandrisk. Zeytinburnuisaworking-classdistrict
featuring a higher population density during daytime. This
is reﬂected in the higher vulnerability index of the example
locations during daytime. The time dimension not only in-
ﬂuences the vulnerability and risk index, but also shifts the
spatial distribution of risk from commercial to residential ar-
eas and vice versa.
The combination of hazard indicators with vulnerability
indicators shows an interesting effect. While location 2 re-
sults in a higher vulnerability index compared to location 1,
the high hazard index of location 1 – being prone to land-
slides and tsunami – results in a contrary risk index for both
locations. This shows the importance of a holistic integrated
approach to identify key indicators, and thus, derive types
and locations of preventive measures.
Referringtotheseresultsthesimulatedmathematicalcom-
bination of various aspects of risk and vulnerability results
in deeper insight of processes and their interaction and thus
adds up to surplus value. At the same time, the combination
of very different indicators contains an artiﬁcial simulation
of interdependencies and can only approach reality.
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In addition the limited amount of available indicators using
solely remote sensing data can lead to misinterpretation. As
example, a building in a highly dense built-up area with low
accessibility may be constructed very stable which would re-
duce its vulnerability and risk in comparison to a building in
an opposite area that may be constructed unstable. Thus, the
vulnerability and risk of the latter may be higher although
differently indicated in our assessment. Hence, we sum up
thatremotesensingcanonlyilluminateapartofvulnerability
and risk, and an assessment must consider potential impacts
of not available indicators.
The results present the spatial distribution of risk within
the complex urban landscape as well as changes depending
on the time of day. Using this inductive method the risk as-
sessment shows aspects of the holistic framework based on
remote sensing. The combination of indicators using index-
ing enables the identiﬁcation of “where” and “what type” of
preventive measures is needed.
4 Conclusions
The many kinds of vulnerability and risks can indeed only
be understood with sophisticated information management
systems. This study focuses on a holistic approach for a con-
ceptual framework of hazards, vulnerability and risks. The
conclusion addresses the three questions deﬁned earlier in
the introduction. How can risk, vulnerability and hazards
be conceptualized in a general and transferable framework?
Whatcanremotesensingdataandmethodscontributetoward
assessing risk and vulnerability in their spatial distribution?
How can the abstract terms in the framework be sampled to
quantiﬁable indicators?
The presented meta-framework aims at a consistent con-
cept applicable to provide complementary quantitative and
qualitative insights into outcomes and perceptions of risks.
Depending on the considered hazard, system, time and
scale-applicable indicators specify the general abstract meta-
framework. The hierarchical structure systematizes the ab-
stract terms to measurable indicators. Along the holistic ap-
proach, it becomes evident that the interactions in the case of
a disastrous event are very complex. Hence, the approach to
assess vulnerability and risk must focus on complementary
multidisciplinary analysis. The circumstantial listing of po-
tential indicators aims at an identiﬁcation of possible contri-
butions of various research communities, but also to identify
their limitations.
Following the outline of this study, the capabilities and
limitations of remote sensing data, methods and resulting
products have been presented and discussed. Remote sens-
ing allows analysis of indicators regarding exposure, suscep-
tibility and coping. Based on the example system “urban
landscape”, indicators derived from various remote sensing
data are displayed. Products derived from high and medium
resolution optical satellite data as well as radar data are, for
example, land cover, built-up densities, accessibility, popu-
lation density, building age, urbanization rates or even the
approximation of the spatial distribution of after-effects like
landslides or tsunami prone areas in the case of an earth-
quake. Using an inductive method, available indicators are
combined with an indexing approach to assess aspects of
risk and identify key indicators as well as their spatial dis-
tribution. Indexing simpliﬁes the complex problem of multi-
indicator interactions, but enables modeling the impact of
the various aspects. It is useful to prioritize certain indica-
tors based on historic observations or expert knowledge, but
weighting always contains subjectivity and to some degree
uncertainty. The result emphasizes the capabilities of remote
sensing to assess aspects of physical and demographic vul-
nerability as well as aspects deﬁning the spatial distribution
of after-effects in case of an earthquake. Limitations of re-
mote sensing to date are how to derive reliable values on
socio-economic and political components.
The presented capabilities and limitations of remote sens-
ing with respect to a certain threat and a certain system also
show potential for different scenarios. Whether the threat
is a volcanic eruption, a ﬂood, or whatever threatens peo-
ple, man-madestructuresornaturallandscapes, thestructural
characteristicsofthe system, thelocations andthepopulation
distribution will have importance in mapping spatial vulner-
ability and risk patterns.
Concluding, it becomes evident that there is no panacea
for risk management and decision-making. In fact, this
approach supports the identiﬁcation of risk and its spatial
distribution, but to have a bearing on reality: it must lead
to precise supporting measures. So, in reference to the
quotation from Peduzzi (2006) in the introduction, the
analysis of where to implement supporting measures is
supposed to become a driver to raise the awareness of the
people at risk and of the political decision makers of the
need to invest in prevention.
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